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Agenda

• Part 1: OS Brand Price Elasticity Project
• Recap: Motivation, research question, and data
• Updates to delivering your work
• Q&A

• Part 2: OS in Marketing Research: Why (and Why Not) to Do It? 
• Part 3: Discussion with Session Participants on OS Theses



Part 1
Meta-Scientific Research in Marketing: Understanding the Impact of Researcher 
Choices



Motivation (I)

• Progress in science stems from researcher decisions
• theoretical framework or a set of hypotheses (if any),
• operationalizations of constructs, sampling, 
• modeling and interpretation…

• Recent attention to key researcher decisions: choosing a pathway amongst the many 
analytical options (e.g., Huntington-Klein et al. 2021, Sarstedt et al. 2024). 

• Potential heterogeneity in learnings derived from the same set of data (Menkveld et al. 
2022) is particularly important since…
• its size is unknown, and 
• limited reasoning of a (group of) researcher(s) for picking a specific analytical path 

(among many available)



Motivation (II)

• Analytical pathways often informed by the data
• e.g., whether a variable has many zeros, is skewed, or is multicollinear
• e.g., prevalence of missing data, prompting aggregation decisions

• Researcher choices are relevant to both the Empirics First (EF) approach 
(Golder et al. 2023) and the Theory First (TF) approach

• Necessity to motivate and document research choices precisely and 
comprehensively

https://doi.org/10.1177/00222429221129200


This project

• Each of the 200+ participating research team (with max. 2 researchers) analyzes 
• the same household panel data set, 
• to estimate price elasticities for the same set of brands,
• providing estimates, standard errors and p-values (or Bayesian equivalents), 
• along with the code and survey answers as to their research choices.

• Collaboration with
• AiMark: non-profit institution promoting the use of 

consumer/household/scanner data in enhancing our understanding of marketing 
and its effectiveness since 1999

• International Journal of Research in Marketing: publishes this multi-authored 
paper if it passes the review process



Participating teams

• 207 teams registered initially
• 196 teams completed the NDA with AiMark 
• 118 two-person teams
• 78 one-person teams 

Europe, 116

North 
America, 55

Asia, 11

South 
America, 3

Oceania, 11



Research Question (I)

What is the brand price elasticity (BPE*) 
for a preselected set of 68 brands 
in the product category of meat substitutes? 

In this project, we are interested in estimating the EFFECT of a 1% brand price 
increase on brand volume sales, while keeping everything else constant. 

* BPE is defined as the percentage change in volume brand sales (in weight) due to a 1% increase in 
the brand’s price.

• Largest brands in each 
country 

• Sufficiently long data 
series without big gaps



Research Question (II)

• Ethical, health and environmental concerns regarding meat production and 
consumption 
• rapid increase of meat substitutes (Godfray et al., 2018). 
• expected growth: 8.7% annually within the next 5 years worldwide (Statista, 2025). 

• Meat substitutes
• meat-like products, sharing characteristics with ‘real’ meat (e.g., texture, taste, appearance, 

chemical compositions) 
• sold at comparably higher prices than meat à lowering prices as a strategic lever to encourage 

consumption aligned with environmental preservation and public health (Jahn, Guhl, and Erhard, 
2024).

• Research has investigated price elasticities for meat substitutes; e.g., category price 
elasticities for meat substitutes (Zhao et al., 2023; Jahn et al. 2024).
• In our project, we are interested in brand price elasticities for meat substitutes.

https://www.science.org/doi/10.1126/science.aam5324
https://www.statista.com/outlook/cmo/food/meat/meat-substitutes/worldwide?currency=EUR
https://doi.org/10.1073/pnas.2319016121
https://doi.org/10.1073/pnas.2319016121
https://pmc.ncbi.nlm.nih.gov/articles/PMC10022684/


Data 

• Household panel data, provided by YouGov (formerly GfK Panel Services) and Kantar
• contain a set of households representative of a country‘s population (Austria, Belgium, 

France, Germany, Great Britain, the Netherlands, Spain, and the United States)
• households equipped with home scanners to scan all their grocery purchases at home 

(2014 – 2023*)

• Selected data contains purchases of households in the focal category („meat substitutes“)
• Examples are: (all vegetarian!) burgers, sausages, gyros, etc.

• To keep the research approach parsimonious and the number of possible pathways limited, we 
refrained from adding more information about the panelists and their purchases in other 
categories.

* varies by country: Spain only 2017-2023, USA 2018-2020.



Submission process



Project Timeline and Submission Procedure

ends
05/15/2025 
Upload link received

we are here



Upload your material by June 15, 2025

You should have received an email around May 25, containing a link to 
a survey and submission details.

1. Your elasticity estimates
2. Description of your model specification and variable 

definitions
3. Your replication package



Upload your material (I): Estimates

Tip: If you generate your 
results with a ”pipeline” 
that automaticallywrites 
your estimates to a CSV 
file, please STILL 
(manually) enter your 
elasticity estimates here 
so we have a common 
submission format to 
process in batch.



Upload your material (II): Model spec & var’s

ALL EQUATIONS (i.e., your model)
of your model 
(best to use a screenshot from 
Word/Overleaf/PDF)

Enter your variables (”variable operationalization”) in the table.

Tip: If you want to 
include more 
extensive notes on 
your model (say, a 
“modeling note” 
you have written in 
Latex and saved as 
a PDF), you can 
include that note in 
your replication 
package (see next 
slides).



Upload your material (III): Replication package

a) all code used to process the raw data and generate the final 
estimates with detailed comments, and

b) A README with instructions on how to run your code, the order in 
which the scripts should be executed, and any required software 
packages.

We ask you to follow https://datacodestandard.org/. 
à See our explanations on the next slides.

https://datacodestandard.org/


https://datacodestandard.org/ (I)

Only required for auxiliary data, not for the AiMark data.

Please re-include the AiMark data as well –
this will allow us to easily run your workflow.

Try to keep any temporary files generated “on the way”, unless there are
file size issues. You can exclude temporary files only if they can be
fully reproduced with your code and the data contained in your package.

We prefer CSV. But the principal rule is: supply
what you used in your code; do not “convert” it for us at the end.

Please include variables mentioned earlier, and any additional 
variables (e.g., from auxilary data) you have used.

Only required for auxilary data added by you.

https://datacodestandard.org/


https://datacodestandard.org/ (II)

e.g., R, .py, SPSS syntax, etc.

Tip: You can also submit 
code that is not central to 
generating your final 
results, but that you have 
used to explore the data 
(e.g., to create plots). You 
can describe these files in 
the README (see next 
slides).

https://datacodestandard.org/


https://datacodestandard.org/ (III)

Optional

Optional

Optional

See next slide…

https://datacodestandard.org/


Your readme

Please modify the template as you see fit. 
We will now go through the README
together.

à Download at https://social-science-data-
editors.github.io/template_README.

https://social-science-data-editors.github.io/template_README
https://social-science-data-editors.github.io/template_README
https://social-science-data-editors.github.io/template_README
https://social-science-data-editors.github.io/template_README
https://social-science-data-editors.github.io/template_README
https://social-science-data-editors.github.io/template_README
https://social-science-data-editors.github.io/template_README


Submitting your package - UPDATE

• Via survey link, sent around May 25, 2025 to all participating teams
• 50 MB upload limit on Qualtrics

• including your elasticities (template_estimates.xlsx), the modeling notes 
(templates_model.xlsx), and your zipped replication package.

• Does your submission exceed the file size limit? 
• Always upload to Qualtrics…

• Your elasticities (templates_estimates.xlsx) and modeling notes (templates_model.xlsx)
• Your replication package without any data (but with readme & code)

• Then…
• Contact us at info@elasticity-open-science.com, and you will receive a special submission link 

for large replication packages (anything between 50 MB and a few GBs).

mailto:info@elasticity-open-science.com
mailto:info@elasticity-open-science.com
mailto:info@elasticity-open-science.com
mailto:info@elasticity-open-science.com
mailto:info@elasticity-open-science.com


Q&A on the big team science project



Part 2
Why (and why not) to do open science?! 



Goal of OS practices

Increase transparency, accountability, equity and 
collaboration, and knowledge production by increasing 
access to research results, methods, and tools.

“
”

Ross-Hellauer, 2022, p. 363



Significant investment in academic research

2% of GDP
in the European Union



Accessibility to research

materials

code

data

https://www.flickr.com/photos/dullhunk/5471810850

papers



Replication crisis

.01%

20182000

.07%%-annual retractions

Source: https://retractionwatch.com/2021/12/30/2021-a-review-of-the-years-3200-retractions/



But… perceived risk of (data) sharing

For example, the data editor at the American Economic Association recalls: “In a simple check we conducted in 2016, we 
emailed all 117 authors that had published in a lower ranked economics journal between 2011 and 2013 (Vilhuber, 2020). 
The journal has no data deposit policy, and only requires that authors promise to collaborate. We sent a single request for 
data and code. Only 48 (41%) responded, in line with other studies of the kind (Stodden et al., 2018)” (Vilhuber, 2020). 

117

Tried to get data Got data
Source: Vilhuber, Lars (2020). "Reproducibility and replicability in economics." Harvard Data Science Review.

117
emailed

48 
responses



Learning costs

coding
documentation

managing teams
time



Incentives

Research Publications Citations

“I used your code!”

“Thanks for the data!”
“I now understand

your model!”

“I use your teaching 
material!”

💰🏅

indirect impact



Incentives

Research

“I used your code!”

“Thanks for the data!”
“I now understand

your model!”

“I use your teaching 
material!”

indirect impact

Firms

Policy 
makers

Society



Deer, L., Adler, S. J., Datta, H., Mizik, N., & Sarstedt, M. (2025). Toward open science in marketing 
research. International Journal of Research in Marketing, 42(1), 212-233.

Doing OS isn’t that hard



Preregister hypotheses

Source: https://aspredicted.org/hk7pm.pdf



Make data accessible/searchable

Source: https://web-scraping.org



Update paper, after publication

Source: 
https://hschuett.github.io/BayesForAccountingResearch/



Make code reusable



Make your work interactive and transparent

Source: https://advertising-effects.chicagobooth.edu/



Teach open science by practicing open science

Sources: https://zenodo.org/record/6641811 and https://odcm.hannesdatta.com 



Getting started requires retraining…

• Way of working
• Larger, more diverse teams
• Project management
• Built-in transparency

• Platforms
• For coding: e.g., GitHub
• For data: e.g., Zenodo, Dataverse
• For preregistration: e.g., aspredicted.org

• Coding
• Coding quality
• Documentation
• Automation
• Portability



Discussion



“Journals should publish more 
studies with imperfect findings.”



“IJRM should require authors to 
submit replication packages for 
all empirical papers.”



“Open Science Increases 
Heterogeneity in Findings, which 
undermines perceived trust in 
science among the public.”



“Pre-registration does not mitigate, 
but amplifies the file-drawer 
problem.”



Discussion

• Evaluation Open Science: Cost vs. Benefits
• Can you identify any significant costs or challenges?
• Do the benefits of open science outweigh its costs, in your 

experience?

• Overcoming Drawbacks of Open Science
• Have you encountered drawbacks or challenges yourself?
• What strategies could be employed to mitigate these drawbacks?
• Share an example where overcoming a challenge led to a positive 

outcome.



Thanks!

Northeastern University
Boston, USA

Editor-in-Chief, IJRM

University of Innsbruck
Austria

Big team & open science

University of Innsbruck
Austria

AiMark Scientific 
Board, panel data 

Tilburg University
Netherlands

Reproducible & open 
science, marketing 

analytics

University of New South 
Wales

Sydney, Australia

Vice-chair, AiMark

For more information, consult our website (https://www.elasticity-open-science.com) or email us 
(info@elasticity-open-science.com).

https://www.elasticity-open-science.com/
https://www.elasticity-open-science.com/
https://www.elasticity-open-science.com/
https://www.elasticity-open-science.com/
https://www.elasticity-open-science.com/
mailto:info@elasticity-open-science.com
mailto:info@elasticity-open-science.com
mailto:info@elasticity-open-science.com
mailto:info@elasticity-open-science.com
mailto:info@elasticity-open-science.com
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